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Abstract NAVER provides search frequency data of search terms via its Datalab service
(http://datalab.naver.com/). Using this data, this paper examines the relation between the search
frequency of firm’'s name and its future stock returns. Our results show that the search frequency
of firm's name is a new investor attention measure, which is different from previously explored
attention measures such as extreme returns, turnover, etc. Firms that go through higher search
frequency this week tend to have higher returns in the next week. We do not find return reversal
in the long run for the firms with higher search frequency. Furthermore, the extent to which search
frequency affects stock returns becomes more pronounced following market-wide attention grabbing
events. Our results indicate that search frequency incorporates information for future stock returns.
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Search Frequency in Internet Portal Site and the Expected Stock Returns

Table 5 Predictability of AAT on longer—
period (up to 20 week) returns:
Fama-Macbeth

regression results

cross—sectional

WEEK | WEEK | WEEK | WEEK | WEEK
1 2 35 | 6-10 | 11-20
AAT | 0184 | 0.045 | -0.032 | -0.267 | 0.494
223) | 052 | (-014) | (-0.73) | (1.09)
LOG_
TURN| 0121 | -0280 | -2.931 | -1.372 | -20.165
OVER
015 | (<037 | (-1.36) | (-0.35) | (-4.58)
A5 0025 | 0003 | 0024 | 0011 | 0.019
270) | 039 | (142) | (046) | (0.60)
LOG-1 0,054 | -0.067 | -0.228 | -0395 | -0.857
(-236) | (-2.8%) | (-3.36) | (-3.62) | (-4.38)
B/M | 0076 | 0045 | 0085 | 0088 | -0.132
(240) | (141) | (1.00) | (0.66) | (-0.69)
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