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The Development of the Predict Model for Solar Power
Generation based on Current Temperature Data in Restricted
Circumstances

Hyunjin Lee*

Abstract

Solar power generation influenced by the weather. Using the weather forecast information, it is
possible to predict the short-term solar power generation in the future. However, in limited
circumstances such as islands or mountains, it can not be use weather forecast information by the
disconnection of the network, it is impossible to use solar power generation prediction model using
weather forecast. Therefore, in this paper, we propose a system that can predict the short-term
solar power generation by using the information that can be collected by the system itself. We
developed a short-term prediction model using the prior information of temperature and power

generation amount to improve the accuracy of the prediction. We showed the usefulness of

il

proposed prediction model by applying to actual solar power generation data.
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(Figure 1) Ensemble Learning Model
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<Table 3> Result of Neural Networks
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