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ABSTRACT

This paper deals with a method to recommend the combination of items as a group according to similarity to
handle application area such as fashion and cooking, while the previous methods recommend single item such as
a book, music or movie. Collaborative filtering is a method to recommend an item selected by users with similar
tendency based on similarity between users. In this paper, the proposed method generates a set of frequent items
based on collaborative filtering and association rules and recommends a group by similarity between groups. To
show the validity of the proposed method, experiments are performed with purchase data collected from

e-commerce for four months.
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Algorithm 1 CalcPatternSimilarity(F, s, R, U)

Input:

F: A set of frequent pattern items

s: Support of F

R: A set of predictive values of
collaborative filtering

U: A set of items evaluated by a user

Output: pattern similarity
1. sim < 0
2: for all i€F do

3: if i€ U then

4: sim < sim + 1
5 else

6: sim < sim + R,
7 end if

8: end for

9: return s X (sim / |Fl )

= R S == K o A B g e
Fig. 1. Algorlthm for pattern similarity

Algorithm 2 CalcGroupSimilarity(G, F, s)

Input:
G: A set offgroup items
F: A set of frequent pattern items

s. Pattern similarity of F

Output: group similarity

1. sim < 0

2: for all i€G do

3: if i=F then

4 sim < sim + (s / |G )
5: end if

6: end for

7: return sim

T2l 2. 2% fAREE ARls] 1% gl
Fig. 2. Algorithm for group similarity
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Algorithm 3 CalcPredictiveValue(G, s, R, U)

Input:

G: A set of group items

s: Group similarity of G

R: A set of predictive values of
collaborative filtering

U: A set of items evaluated by a user

Output: predictive value of group

recommendation

I:. t< 0

2: for all i€ G do

3: if i< U then

4: t<—t+s

5: else

6: t—t+ (R X5s)
7 end if

8: end for

9: retum t
a2 3. 25 FA ¢E 3 ARk g daEls

Fig. 3. Algorithm for predictive value of group
recommendation
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Table 1. Recommended performance evaluation

method F-measure
Collaborative filtering 0.0977
Frequent pattern 0.12366
Group recommendation 0.15435
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