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A Design of Satisfaction Analysis System For Content
Using Opinion Mining of Online Review Data
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ABSTRACT

Following the recent advancement in the use of social networks, a vast amount of different online reviews is created. These variable
online reviews which provide feedback data of contents’ are being used as sources of valuable information to both contents’ users
and providers. With the increasing importance of online reviews, studies on opinion mining which analyzes online reviews to extract
opinions or evaluations, affitudes and emotions of the writer have been on the increase. However, previous senfiment analysis
techniques of opinion-mining focus only on the classification of reviews into positive or negative classes but does not include detailed
information analysis of the user’s satisfaction or sentiment grounds. Also, previous designs of the sentiment analysis technique only
applied to one content domain that is, either product or movie, and could not be applied to other contents from a different domain.
This paper suggests a sentiment analysis technique that can analyze detailed satisfaction of online reviews and extract detailed
information of the satisfaction level. The proposed technique can analyze not only one domain of contents but also a variety of
contents that are not from the same domain. In addition, we design a system based on Hadoop fo process vast amounts of dafa
quickly and efficiently. Through our proposed system, both users and contents’ providers will be able to receive feedback information
more clearly and in detail. Consequently, potential users who will use the content can make effective decisions and contents’ providers
can quickly apply the users’ responses when developing marketing strategy as opposed to the old methods of using surveys. Moreover,
the system is expected to be used practically in various fields that require user comments.

= keyword : Opinion mining, Satisfaction Analysis, Hadoop, Online Review
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T I isMegatveVerblword) then

8 pop element and push element mutpbed by -1;

L el if

10: end for
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