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Analyzing Disaster Response Terminologies
by Text Mining and Social Network Analysis

Seong Kyung Kang™ - Hwan Yu™ - Young Jai Lee™

Abstract

This study identified terminologies related to the proximity and frequency of disaster by social net-
work analysis (SNA) and text mining, and then expressed the outcome into a mind map. The term-
document matrix of text mining was utilized for the terminology proximity analysis, and the SNA
closeness centrality was calculated to organically express the relationship of the terminologies through
a mind map.

By analyzing terminology proximity and selecting disaster response-related terminologies, this study
identified the closest field among all the disaster response fields to disaster response and the core
terms in each disaster response field. This disaster response terminology analysis could be utilized in
future core term-based terminology standardization, disaster-related knowledge accumulation and re-

search, and application of various response scenario compositions, among others.

Keywords: Disaster Response Terminologies, Text Mining, Social Network Analysis, Closeness Centrality,
Ontology
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