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Abstract

In this paper, we proposed a new object tracking algorithm based on sparse representation to handle the drifting
problem. In APG-L1(accelerated proximal gradient) tracking,

the sparse representation is applied to model the appearance of object using linear combination of target
templates and trivial templates with proper coefficients. Also, the particle filter based on affine transformation
matrix is applied to find the location of object and APG method is used to minimize the 11-norm of sparse
representation. In this paper, we make use of the trivial template coefficients actively to block the drifting problem.
We experiment the various videos with diverse challenges and the result shows better performance than others.
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