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Real-time Sign Language Recognition Using an Armband
with EMG and IMU Sensors
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ABSTRACT

Deaf people using sign language are experiencing social inequalities and financial losses due to communication
restrictions. In this paper, real-time pattern recognition algorithm was applied to distinguish American Sign
Language using an armband sensor(8-channel EMG sensors and one IMU) to enable communication between the
deaf and the hearing people. The validation test was carried out with 11 people. Learning pattern classifier was
established by gradually increasing the number of training database. Results showed that the recognition accuracy
was over 97% with 20 training samples and over 99% with 30 training samples. The present study shows that

sign language recognition using armband sensor is more convenient and well-performed.
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Fig. 2. Real-time sign language recognition algorithm

block diagram using armband sensor
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Table 1. Select a sign language

No. o No. o]
1 Hello 11 Love
2 I 12 Bedroom
3 Lunch 13 You
4 Thank you 14 Our
5 Hello 15 Music
6 Nice 16 All
7 Want 17 Today
8 Good 18 Technology
9 Meet 19 Airplane
10 Introduce 20 Friend
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