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Tag Based Web Resource Recommendation System
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ABSTRACT

Recent web services provide tagging function fo users, and let them express the topic of the contfents of their arficles. Moreover,
we can extract context information like emotion of the writer efficiently by using fags affached to the arficles or images. And we are
able to better understand article than traditional algorithm. (eg. TF-IDF) Therefore, if we use tags in recommendation system, we can
recommend high quality resources fo the users. This study proposes a recommendation method that provide web resources (articles,
users) through simple algorithm based on related tag set extracted from the arficle. Through the experiments, we show that the result
was satfisfactory, and we measure the satisfaction of users.

= keyword : Recommendation, Tagging, Context Information, Web service, Web resource
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transactions = read(Transaction File)
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intersection(0Q,, T,) = Count(0, NT)) (1)

thres_len = 1 <=n
originan_tagset = current_article tagset
tag_relations = (calculated before)
articles = Articles which have at least 1 tag in tag_relations
result = [ ]
for article in articles:
if intersection(original_tagset, article.tagset) >= thres_len
result.append(article)
return result

(=)
(Figure 5) Pseudo code for recommending related
articles

TR AN FH oA 2=

thres_len =1 <= n
thres_score = 1 <=n
originan_tagset = useraction_history.tagsets
tag_relations = (calculated before)
articles = Articles which have at least 1 tag in tag_relations
result =[]
for article in articles:
if intersection(original_tagset, useraction_history.tagsets) »= thres_len
if score(user) > thres_score
resultappend(article)
return result

(O3 6) & AMSK FH oA Z=
(Figure 6) Pseudo code for recommending related
users
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