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ABSTRACT

In this paper, we propose an image-based indoor localization system using parallel distributed computing. In
order to reduce computation time for indoor localization, an scale invariant feature transform (SIFT) algorithm is
performed in parallel by using Apache Spark. Toward this goal, we propose a novel image processing interface
of Apache Spark. The experimental results show that the speed of the proposed system is about 3.6 times better

than that of the conventional system.
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