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A Study on the Spatial Patterns of Tweet Data for Urban Areas by Time
— A Case of Busan City -

TAE™
Ku, Cha Yong

Abstract

The process of spatial big data, such as social media, is being paid more attention in the field
of spatial information in recent years. This study, as an example of spatial big data analysis,
analyzed the spatial and temporal distribution of Tweet data based on the location and time
information. In addition, the characteristics of its spatial pattern by times were identified. Tweet
data in Busan city are collected, processed, and analyzed to identify the characteristics of the
temporal and spatial pattern. Then, the results of Tweet data analysis were compared with the
characteristics of the land type. This study found that spatial pattern of tweeting in the city was
associated with given time periods such as daytime and nighttime in both weekdays and
weekends. The spatial distribution patterns of individual time periods were compared with the
characteristics of the land for the spatially concentrated area. The results of this study showed that
tweeted data would be related to different spatial distribution depending on the time, which
potentially reflects the daily pattern and characteristics of the land type of urban area to some
extent. This study presented the possible incorporation of social media data, e. g. Tweet data, into
the field of spatial information. It is expected that there will be more advantage to use a variety of
social media data in areas such as land planning and urban planning.

Keywords: Spatial big data, Social media, Spatial pattern by time, Tweet data
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Figure 1. The model to characterize urban
area using crowd behavior from social media
data

Source: Lee et al. 2013
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