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Step Count Detection Algorithm using Acceleration Sensor
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ABSTRACT

Portable devices, such as smart phones and personal digital assistants (PDAs) play an important
role in our everyday life. In this paper, we propose a step count algorithm based on SVM(signal
vector magnitude) and a adaptive threshold processing to monitor the physical activity. The algorithm
measures a user's step counts using the smart phone’s inbuilt accelerometer and g sensor. Experiment
results showed the proposed algorithm has good performance in accuracy and adaptability than the

app on your smart phone.
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