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ABSTRACT

Chest X-ray images is the most common and widely used in clinical findings for a wide range of
anatomical information about the prognosis of the disease in patients with cardiopulmonary rehabilitation.
Many analysis algorithm was developed by a number of studies regarding the region segmentation and
image analysis, there are specific differences due to the complexity and diversity of the image. In this
paper, a diagnosis support system of the chest X-ray image based on image processing and analysis
methods to detect the cardiopulmonary disease. The threshold value and morphological method was
applied to segment the pulmonary region in a chest X-ray image. Anatomical measurements and texture
analysis was performed on the segmented regions. The effectiveness of the proposed method is shown
through experiments and comparison with diagnosis results by clinical experts to show that the

proposed method can be used for decision support system.

Keyword : Image processing, Lung, Chest X-ray, Decision Support System
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