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Abstract Recently, a lot of users are using social network services as the spread of SNS
and generalization of smart-phone. In this study, we apply clustering and ranking method for
finding twitter influential users. First, we propose five ranking elements. The five elements
include the number of follow, the number of retweet, IRP, IFP and influ-score. These
elements are used by centroid point of clustering methods. This study can help to find novel
approaches for finding twitter influential users.
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Fig. 6 Cosine Similarity
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Changes in the Weigts Graph (K-means 400 Users)
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K-means Clustering Results - 400 Users
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Fig. 8 Clustering results of the K-means (for 400 users)
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K-medoids Clustering Results - 400 Users
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