Journal of The Korea Society of Computer and Information

Vol. 20, No. 1, January 2015 http://dx.doi.org/10.9708/jksci.2015.20.1.021

Supervised Rank Normalization with Training Sample
Selection

Gyeongyong Heo*, Hun Choi*, Joo-Sang Youn™*

O oF
4 =

£ Atdle Q71 48] ojde) AAE AR 54 A wel A2 g2 2A Yol o8] dlEhe
FE Fol7] Hall de] AR s 71 Aarsh WS Sz Bhils wefskA gorn g Aarst At <
150l 2AdS B Kshe EA-e] Atk ol /Ale] g8 Fei2 ehiS ARgste] Aatsks Aldst
SAF A5 a o) xﬂorﬂ‘”"f 71& AFst Whdel vel U A5e BYo] AFHA o] mRolAE WA
%ﬂi Z*ﬁi} ‘”‘ﬂ"ﬂ o) S Aestoma WAL FA Aats S oS AT £ ol wEE Al
| B& BES S5olA ALForN gl Hoh e R
YA AitslelAE A /‘]"9“51 T oltk oy AE AdEe o]
= S ARk, F 7 Aw

rlr > fo

F

DA

ACH
ﬂ,

B
HU
é
>1
il

s
—E‘FIOE

» Keywords : S8 Mys}, @3 Myl WAL skgH, sk ME ME

Abstract

Feature normalization as a pre—processing step has been widely used to reduce the effect of different
scale in each feature dimension and error rate in classification. Most of the existing normalization methods,
however, do not use the class labels of data points and, as a result, do not guarantee the optimality of
normalization in classification aspect. A supervised rank normalization method, combination of rank
normalization and supervised learning technique, was proposed and demonstrated better result than others.

In this paper, another technique, training sample selection, is introduced in supervised feature
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normalization to reduce classification error more. Training sample selection is a common technique for
increasing classification accuracy by removing noisy samples and can be applied in supervised
normalization method. Two sample selection measures based on the classes of neighboring samples and
the distance to neighboring samples were proposed and both of them showed better results than previous

supervised rank normalization method.

» Keywords : Feature normalization, Rank Normalization, Supervised learning, Training
sample selection
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