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Clustering Algorithm using the DFP-Tree based on the MapReduce
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ABSTRACT

As BigData is issued, many applications that operate based on the results of data analysis have been developed, typically
applications are products recommend service of e-commerce application service system, search service on the search engine service
and friend list recommend system of social network service.

In this paper, we suggests a decision frequent pattern tree that is combined the origin frequent pattern free that is mining similar
pattern fo appear in the data set of the existing dafa mining fechniques and decision free based on the theory of computer science.
The decision frequent patftern tree algorithm improves about problem of frequent pattern tree that have to make some a lot’s patftern
so it is fo hard to analyze about data. We also proposes to model for a Mapredue framework that is a programming model to help
to operatfe in distributed environment.

= keyword : SData Mining, Frequent-Pattern free, Clustering Algorithms, Distributed Processing System, Recommendation System,

Map Reduce
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TID list

1 1(4), 2(2), 5(5)

2 265), 4(5)

3 2(4), 3(4)

4 1(4), 2(4), 4(5)

5 1(5), 3(3)

6 2(2), 3(1)

7 1(5), 3(4)
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¥ 12 ofoldl FAEE 7IAY & HolH JAES

HojFt) 7|1Ee W gi"l Eg|e fASH dlolE 2~
AL 58 7] dioly g2Ed Yelys otolgle] 1l
52 AN F 2 7 ololHe] MEsst A
o Wdakee 2 gy sid "eolEs Jekdth

(% 2) 8l Hol&
(Table 2) Header Table

Item Frequency
2 7
1 6
3 6
4 2
5 2

©] % minsupportE % &-3ho] X
B

7|&e] W siE Ego} Flo] Wl

ofelslell ojs) MBS AAeA A

=
A o] FEdE A7IES o) minsupports H1'E

ror
Hl
ro
o

i

4| A5k (16163)



M| FA 7[5 DFP-TreeE 0|88t S2AHE L1I2|E

S Ee] Wrtohe} B2 vl YuelFAME F2
' vpele] A4 minsupporte] A57} 0w
Qareke] Zask P MASHA ek

3
iy l(ru
tlo of

o,
for S ofN

AL JSsp B 4GS Bk AW 54 ZEo
w54 NEE 3 ZE HojEe g 43 o)
B 9T 4% 49 minsuppors] A5 AAE urk o
A3 Ag|olok Ak AN B minsuppori{1] S
AR ZAYNAF g3t FA T @
TE S0l Bl FHAT stk Theel Uehbt 3
o)

=
minsupport& 12 AR AFHAE ofold si4rol] what of
o}

(7 3) HITFE 7|ZEC= P ofo|H E=idM Hlo|H
(Table 3) Item Transaction Frequency Data Sorted
by Frequency

TID list
8 2(3), 1(5), 3(2), 5(5)
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function similarity(inputA[],inputB[])
setFirst(inputA)
setFirst(inputB)
while next(inputA) != null &&next(inputB) != null:
if id(inputA) == id(inputB):
up += rate(inputA) * rate(inputB)
bottomA += power(rate(inputA))
bottomB += power(rate(inputB))
doNext(inputA)
doNext(inputB)
else if id(inputA) < id(nextB):
bottomA += power(rate(inputA))
doNext(inputA)
else:
bottomB += power(rate(inputB))
doNext(inputB)

while next(inputA) != null:
bottomA += power(rate(inputA))
doNext(inputA)

while next(inputB) != null:
bottomB += power(rate(inputB))
doNext(inputB)

return (up/ (sqrt(bottomA)*sqrt(bottomB)))
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function makeDFPTree(dataSet[],tetha)
root = 0
setFirst(dataSet)
while next(dataSet) = null:
data = dataSet
while pattern in root:
if pattern include data:
input(pattern,data)
else if similarity(data,pattern) > tetha:
input(pattern,data)
if not processing:
input(root, pattern)
doNext(dataSet)
return root

function input(dataA[],dataB[],tetha)
while next(dataA) != null&&next(dataB) != null:
if similarity(set(dataA),set(dataB)) > tetha:
if id(dataA)==id(dataB):
doNext(dataA)
doNext(dataB)
else:
break
concatnation(dataA,dataB)
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