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Abstract To respond the climate change and environmental pollution, the studies on renewable energy policies are
increasing. The renewable energy is a new growth engine technology represented by the green industry and green
technology. At present, the investments for the renewable energy supply and technology development projects of three
main strategy sectors such as sunlight, wind power and hydrogen fuel cell are implemented in our country, while they
are still in the early stage, accordingly reducing those uncertainty for the research direction and investment fields is
the most urgent issue among others. Thus, this study applied text mining method and multinominal topic model among
the big data analysis methods on our country's newspaper articles concerning the renewable energy over the last 10
years, and then analyzed the core issues and global research trend, forecasting the renewable energy fields with the
growth potential. It is predicted that these results of the study based on information and communication technology
will be actively applied on the renewable energy fields.
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Fig. 1. Latent Dirichlet allocation Model
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Table 1. Koreans Analysis result of TOPIC modeling

Topic Word
Topio 1| VA MOU I, G, EmAE, e, AgRUA, dnf, AN, UAR, AT, ST
o, A, ool Aok, A, vhol e, AMAR, ol AA, vathe
ropic 2| VL AW AR, DAL, 2200, g, DA o0l Aed gl AT A, A
BN, ZAALY, wHEY], BEAL, 2% vhEw, 3713
T3 | M AT, VA, AfL A%, ol WET, oM i, TS T,
SR, 248, 58, olUARe, AFLS, LEE, Green, /AA, Z2 13
4 SIUA, A, A, SAAR, Seler, AL, A1, SAsz, A EAS, ALY, 484, 7164
Topie & | gpaqoluin), wgs, A, BF, ARAA, AGEd, 1471, G484
4 SNUIA, ZotE, e, AGAA, A-d, A%, AEA, ASE, Aeld, A, dxd, shelaz, A4, A
Topie S | gy, =y, AN soluzs, 4FE, 583t
4 AA, =T, A8, AR, HI, A%E, I, ONE, AL, LEE, A8, AL, AUALE, AEA,
ToPic 6| eopgura, abg2, A, Aok, BT, Ao
4 AN, @kﬂ-ﬁm Aw, AAANTA, A5, AAT, A, A, ATANE, ZZEA], AL,
Topie 71 zq), ey, Azwl, 34, AAUI, A4, W70, Fay
4 AUA, G, WA, AFE, ATAR, TAAA, AFRRA, A9, TAAN, SeE, Auk, HE
Topic 8 oA, FA 3L ARAA, Alzg, 2dl, FFA, ARSI A, 18T
_ ST, velo, WA, 84, ATE, AN, A7), nelel, A4, FAE, RS, ADANE, Eo7
Topic 9 A9 WA, oS, LA ks A, AWFNA L BAE
. AUA, UEE, MEYS, 2w, TRAE 948, 974, QZe, i, UF, Wi, FAn, AL,
Topic 10 AARE, A7}, mou, FREAT]E 015H7w, 2991, AFF9EA
_ S, AT, Fel2E, AUALE, AR 594, 204, AEA, AW, TZAE, ASuq, 099, FuoL
Topie T | @), RAGA, 244, AREE, FEA AFA, Ad2
) AUA, BAE, 6%, TEE, AWNT, AIUANG, AAE, F2E, ANE TR, e, Zaz, A,
Topic 121 votsy siage, Eeud, A, A&, ArA, A, Fd
. S0, maF, B, VAN, Ve, AR, GAH, g, AEAAANTA, ADA, i, el 2
Topie 3| A4, gal, AAAR, d90l9, B, H457, TS, £
. T, 998, ATLA, N T APIUD, Tad, T, ATE A, E LI
Topie 14| gojuaye, masbes, Ael2, W01, FE, ARSaE, SR, 43,
4 VA, B, AGEE, AW, AaAl, ool ANE Asd, 2R, @nﬂg,@azﬁ,%zﬂ,mi@
Topic 15 AU A ake], F4719, Watiel o o7y, v, taZe o], At
Topic 16| CHE ALE T, AL, TAAA, G54, £L8, AR, FEY, FE1E, A7 59, 5419, 147
FEn BRd el 495, 2o +AAE Age
4 AUA, BFY, ARAA, EALA, GELLA, Vo9, ATk, HaE, BFD, A4, AUAL, AAT, 2
Topie 171 spele, Aol =), AMeA), toe, B43), H2HA, 7171%
Tope 18| 170 I, TS, SO, SIS ST, 719, S, A, G, 2wt
opAlo}, oA e, s, AE7l, uhts), A, 1Awﬂ,wiﬂ
. SUIA, BIEE, ATIAS, ARAA, HAE, QBT A7, DA, S5 AAFE, AT, AL,
Topic 19 n509, A%, AU, WL $4719, A e, H*H A4 9
. SIA, T, HFE, AR, AW, AT, AZA, A S, EAAL, RPS, AL, HAAH, $719
Topic 20| G i St e ol 99016, A A8
&AM, 2rtE a8 A, AR 7= 27, 2471 A, BEd Ba Aotk dAl FelA e &
2415 Wto] AAA QN Eofetar hetsinh AU E o] &5 el H|ste] H Aol AL
S Table 19] 2 BAE G2 47 FAR A2 2 rons WAL 1 s 14 A9
1047k A=l FolE Fetajusieh A& I WA FAEA W4, 71593t FoF ol o 4
on HeAE Mot e EATAE Aelstel, ¥ w9 Akleln, 0 wag 44 29 $
AR, 20t TP =E Ao R dA FE1ET 7Y B SAdel A AS (&AM eR SEa ok
Eol #gste] ¥ IoT, H Hlo]HE &3¢ ~vE (Topic 8).
IYE AYS FR6kL, FF oA Ak 24t AR, AAANIA] FF 2538 AERPS)= HU
782 1t ek Ea oA Al vl T RS AEFEe] 94 PR o rhow A
P 75 Qlole r1H o A& F g7] wite] &= AAUARTH Aikeok sk Alwolth FH o735}
nE gl figk dH Ad A FsAE el Alke 719 AR FAloId BYgelv T i
o 9&e AT 5 AT Topic 5) SJofl e wobel A AAEAEe] Ag TisAol 2
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