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Categorization of POIs Using Word and Context information

¥
B4 - A

Z

Su Jeong Choi, and Seong-Bae Park’

2 o

B4 Aolw el B4, AR 59 Lol APEe] #AL A fesThn Aeh 54 ALY 9 o
Wtk B AR WY} AT Az, eae S ge ole] ER TAS Ak ol 2 FHELS A/
oA A DAL Aueln, 2 Gl A% e 9 gnE A ANsAA A% AU4A QBL @ 1
dub #4 AH9 AEae ARE AP Rot AL Be MEw wo] 5] Wi 40w FPsoiof Pk B =F
AAE SIS AFor 24ar] N B4 A4 9A0) Hol Ausk AR Tu Eu Aus Avsrel e
P ATk By AR BP9 wololi= AundE wdshs Bol5L s glo] AHneE FAsed gloix
S8 wAsh Ao A P9 B Aue 4 A9 BAel Ana EAA Yol i Fusl Bug v
o o] AFd Fue wuol: #4 A AHnE FHT ARES TFHL Qo] Al FHskE ol 9
AN AU ANE AT FAE AL wde A5 S450 A F A HelEAdA A% e Bre A,
7 gng uz Agstel AHneE 248 Yuc Adstel Ag Bl Yol o s vehdrl

Abstract

A point of interest is a specific point location such as a cafe, a gallery, a shop, or a park. It consists of a name, a category,
a location, and so on. Its information is necessary for location—based application, above all category is basic information.
However, category information should be automatically gathered because it costs high to gather it manually. In this paper,
we propose a novel method to estimate category of POIs automatically using an inner word and local context. An inner word
is a word that contains POI's name. Their name sometimes expose category information. Thus, their name is used as inner
word information in estimating category of POIs. Local context information means words around a POI’s name in a docu—
ment that mentioned the name. The context include information to estimate category. The evaluation of the proposed method
is performed on two data sets. According to the experimental results, proposed model using combination inner word and lo-
cal context show higher accuracy than that of model using each.

Key Words : Point of interest, POI category estimation, Classification, SVM.
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Fig. 1. A document to describe a POI ‘Andamiro’
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Table 1. Examples that POIs’ name expose category
or not
POIs’ name Category
Austin Water Bikes Active
B Square Salon Beauty
Floss Dental Health
(a) Mgnolia Hotel Dallas Hotel
Bubbly Paws Dog Wash Pet
Atlas Properties Realestate
CA Jewelers Shop
Atomic Allure Active
Blink Beauty
All Out Effort Health
(b) Bustonian Hotel
Anytime K9 Pet
Anthony Falvo Realestate
Dandelion Shop
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Gary Danko is like Slanted Door, or Zuni Cafe,
they don’t need another review! What not to love
about Gary Danko, the most staple fine dining des-
tination in San Francisco. The good food is always
consistent, the cocktails is awesome, the wine list is
perfect, the service is excellent, and it's always
happening here.

I don't care for the tightly tables, next to each
other, it can get loud and you won't hear your date
talking. Well, lucky of you can get a RSVP week—
end at 7 PM, it books up a month. However, it's
worth it. I usually take visitors here if their first
few times in SF.
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Table 3. Results of categories of POIs estimation

Accuracy Yelp dataset Web dataset
(1) Inner word 45.84% 51.33%
information
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information
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