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Named Entity Recognition and Dictionary Construction for Korean Title:

Books, Movies, Music and TV Programs

Yongmin Park™ - Jae Sung Lee”

ABSTRACT

A named entity recognition method is used to improve the performance of information retrieval systems, question answering systems,
machine translation systems and so on. The targets of the named entity recognition are usually PLOs (persons, locations and
organizations). They are usually proper nouns or unregistered words, and traditional named entity recognizers use these characteristics to
find out named entity candidates. The titles of books, movies and TV programs have different characteristics than PLO entities. They
are sometimes multiple phrases, one sentence, or special characters. This makes it difficult to find the named entity candidates. In this
paper we propose a method to quickly extract title named entities from news articles and automatically build a named entity dictionary
for the titles. For the candidates identification, the word phrases enclosed with special symbols in a sentence are firstly extracted, and
then verified by the SVM with using feature words and their distances. For the classification of the extracted title candidates, SVM is
used with the mutual information of word contexts.

Keywords : Named Entity Recognition, Title Named Entity, Dictionary Construction, SVM
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Type Example
Movie ‘?E]-?-E %%‘fﬂiﬂ ‘ZgH e’V % o] A
oA 1915 2AF)
e HaA2ATL 20129 2R = HEI
Music e a— o

Fo] oA AEA ALY wds ok

(=
EZT)5 Alolo] EAEtE A97F Buh e A% A
o] FRo| AEE AHsty] A dolso] xS & F
ek
B =R ME A AR A E47)5 Abold] EA) 6}
T olAS Yo E ARS Adsta, 9 Y doR A
o] F8(=AMY, 95b, o, TVERZIAY)S /3t
= RS Abe A AR AAFEe aF 19 2k

Title
identification

program ]

Title candidate |
—— extraction
rogram
SV Title identification 2 |

training data

Training II
corpus

Title type
classification |

program 1

[
Title named entity
type classification

training data

Fig. 1. The conceptual diagram of title named entity recognition
and dictionary construction
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Table 6. The performance of title named entity type classification
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Table 7. Title named entity recognition(integration model)

Fi-score
71.38%

Recall Precision
72.82% 82.56%

Performance
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Table 8. The comparison of the performances

Author Experimental methods and |Experime | Fl1-
types of title named entity | ntal data | score
Naive Bayes classifier
Lai, A. |- Extract movie-related documents . o
(2009)[15] | Maximum Entropy Markov Model E-mail | 13.33%
- Extract title of movie
Lee, J. Y Using constructed context pattern
» 7 7l and title entity dictionary NY = 10
etal. |- Extract title of movies, books Times 55.16%
(2005)[1] . ’ ’
music
Pats Y. MY e drevione
et al. © and Hbe abbreviats .| Wikipedia | 82.10%
- Extract title of movies, music,
(2013)[16]
cartoon, novel etc.
Probosed Using SVM with word contexts | Korean
D - Extract title of books, news 77.38%
method . . .
movies, music, TV programs articles
T3 AE AAE APS FEPS A9l Os 4
et A= Hojzr] AL 98l AZe] £
U BE QA F 2§39 AB AAGe] Sah= B
AP Az itz P T A 74

Table 9. The performance of title named entity dictionary construction

Recall
72.90%

Fi-score
76.09%

Precision
79.58%

Performance
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Table 10. Title named entity recognition considering
the number of appearance

Performance

Recall |Precision | Fi—score

Appearance

84.00%
80.95%

91.30%
89.47%

87.50%
85.00%

More than | Integration model

one times
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