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A Normalization Method of Distorted
Korean SMS Sentences for Spam Message Filtering

Kang Seung-Shik"

ABSTRACT

Short message service(SMS) in a mobile communication environment is a very convenient method. However, it caused a serious

side effect of generating spam messages for advertisement. Those who send spam messages distort or deform SMS sentences to
avoid the messages being filtered by automatic filtering system. In order to increase the performance of spam filtering system, we
need to recover the distorted sentences into normal sentences. This paper proposes a method of normalizing the various types of
distorted sentence and extracting keywords through automatic word spacing and compound noun decomposition.
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Fig. 1. Keyword extraction by normalization
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typedef struct sms_char {
int tagl; // tag for input character
int tag?; // tag for normalized character

int chl; // input character
int ch2; // normalized character
} SMS_CHAR;

typedef struct sms_message {
char strl[SMS_SIZE]; // input string
char str2[SMS_SIZE];// normalized string

int nl; // number of characters in 'strl’
int n2; // number of characters in 'str2’

SMS_CHAR sms[SMS_SIZE];
// internal structure for input
} SMS_TEXT;

Fig. 2. Data structure for SMS string normalization
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typedef struct sms_token {

char str_nobl[SMS_SIZE];

// input string with no white space

int n_ch; // number of characters: ignore punc. marks

char tag_sp[SMS_SIZE]; // 'c’: char., '2": 2nd char. of
DBCS, ".": punc. symbols

char tag_bl[SMS_SIZE]; // blank location marks by
automatic word spacing

char wlen[SMS_SIZE]; // byte length of a word in each
position in str_nobl

int n_word; // no. of words in a sentence

char *wp[MAX_WORDS]; // start position of word: pointer
to str_nobl

int wllMAX_WORDS]; // byte-length: word

int n_token; // number of tokens

char #tp[MAX_WORDS]J; // token beginning postition:
pointer to str_nobl

int tIIMAX_WORDS]; // byte-length: token

char pos[lMAX_WORDS]; // POS of token
} SMS_TOKEN;

Fig. 3. Data structure for auto-spacing and tokens
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Table 1. SMS spam filtering result

Number Normal Transformed
Filtering Filtering filtering
G 77% 431% 125%
ommon (71,890) (404,307) (117,271)
Perconl 19.0% 156% 21%
na (178,160) (146,105) (19,950)
Total 26.7% 58.7% 146%
4 (250,040) (550,412) (137.221)
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