Journal of The Korea Society of Computer and Information www.ksci.re.kr
Vol. 19, No. 3, March 2014 http://dx.doi.org/10.9708/jksci.2014.19.3.017

tto] & 7[8h 2Hi o Z2 (Aol HESt

& A uk* W a o

-1 - o

Word Cluster-based Mobile Application Categorization

Jeongman Heo*, So-Young Park *

O of

I 7

= =dlME vol 74 4
2
=

oL,

BE Fg3io] wile hBeACIAS WS BRI S Ak, Alehs
pye mlel ofEelslold el & 4 rke 4 Telstel, mulel fZellold Aol EgH ol Bu
% ofjet 2t dole] dol 4 hE RS WS AU BEA 220, wu ofFellelie] seae st
2ouo] glome Akshs WS W dol Wy WES K 37 295 2udF 48300l vel 292
ek, 2 ohEeAold Aol At ol sk BEglE el 9 4 rke AL wedsied, A
E @

= Z
]I_/ OE,

e WHE Bo] g FoIN W F-62 LY Go] TRUL Asle] BEAL AFAH AR P
& dol 23 Jug Bostel mujl hEeAoIN W AUEE 5.65% A,

» Keywords : 282! ofEz|Alo|M, HEst cho] &St

Abstract

In this paper, we propose a mobile application categorization method using word cluster
information. Because the mobile application description can be shortly written, the proposed
method utilizes the word cluster seeds as well as the words in the mobile application description,
as categorization features. For the fragmented categories of the mobile applications, the proposed
method generates the word clusters by applying the frequency of word occurrence per category to
K-means clustering algorithm. Since the mobile application description can include some
paragraphs unrelated to the categorization, such as installation specifications, the proposed
method uses some word clusters useful for the categorization. Experiments show that the proposed
method improves the recall (5.65%) by using the word cluster information.
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Fig. 1. Sample Screenshots of Mobile Application
Descriptions
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Fig. 2. Word Cluster-based Document Classification
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Fig. 3. Document Distribution by Length

slo] 7t HFAE TEHIIATHT). o] 7 BEAE T
ﬂ%%vﬂé A 10%= 23], MALLET &4 &
F71(19)¢l 2831t

E—E

B7h EEA o] A muld ofZelA ol EX e (£3)
o] AN 1k o) 3o} Bl o Ze]Aolde] FE
H, H&/REAY, /A8, G/, oAlol=AY T
o] B4 Wl Rgslol Atk 53], el M 214 F
%‘4 21%°] Batd ofZeAolA-E EeITHT). 9, ot

SAoA Hl2E HHel dold muld ofEe|Aold EX
(7133) 3 o] gl 50%ke] WielZ 2MdElo] gla, (A
IR, () gHtel e 2ol 9‘*01 olatz
48 2atd o Ee)Aleld AHE 317H7F 9l
Iotehe wof 23] 7Rt wapd ofZeAo)d Mast
ol duhd FEsiAl wutd ofZejAlold e ERskER
7¥sl7] S1eiA, =4 (1)3% 2ol Aljkste Wl H9E<
Agch 83, Alekels | t;j,o] AA 2ald =)Aol
el Suk2A W 457 deig BRI E ke €

L

& de o

X
o o

R\

=2

E 3. Ry oujel ofZzold &
Table 3. Number of Mobile Applications per Categories
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Table 4. Performance Improvement per Categories by Utilizing Word Clusters
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Fig. 4. Performance Variation by Number of Word Clusters
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