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ABSTRACT

With the increase of multimedia information such as images, researches have been realized on how to extract the high-level
semantic information from low-level visual information, and a variety of techniques have been proposed to generate this information
automatically. However, most of these technologies extract the semantic information between single images, it’s difficult to extract
semantic information when a combination of multiple objects within the image. In this paper, we extract the visual features of
objects within the image and training images stored in the DB and the features of each object are defined by measuring the
similarity. Using ontology reasoner, each object feature within images infers the semantic information by positional relation and
associative relation. With this, it’s possible to infer semantic information between objects within images, we proposed a method for
inferring more complicated and a variety of high-level semantic information.
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Fig. 2 Sports ontology
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rule_1 isLocation is
MBR(?A), MBR(?B)
UpperCenter(?A,?x1), LowerConter(?B.?x1)
If isLessThan (?x1,?x2)
Then isLocationOf (?A, ?B)
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Fig. 3 Inference rule of location relation
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Fig. 4 Image retrieval system of semantic inference
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