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AdaBoost-Based Gesture Recognition Using Time Interval
Trajectory Features
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Abstract

The task of 3D gesture recognition for controlling equipments is highly challenging due to the propagation
of 3D smart TV recently. In this paper, the AdaBoost algorithm is applied to 3D gesture recognition by using
Kinect sensor. By tracking time interval trajectory of hand, wrist and arm by Kinect, AdaBoost algorithm is
used to train and classify 3D gesture. Experimental results demonstrate that the proposed method can
successfully extract trained gestures from continuous hand, wrist and arm motion in real time.

Key words : 3D Gesture Recognition, Pattern Recognition, Machine Learning, Kinect, AdaBoost Algorithm.
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