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Calculation of a Threshold for Decision of Similar Features
in Different Spatial Data Sets
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Abstract

The process of a feature matching for two different spatial data sets is similar to the process of classification
as a binary class such as matching or non-matching. In this paper, we calculated a threshold by applying an
equal error rate (EER) which is widely used in biometrics that classification is a main topic into spatial data
sets. In a process of discriminating what’s a matching or what’s not, a precision and a recall is changed and a
trade-off appears between these indexes because the number of matching pairs is changed when a threshold
is changed progressively. This trade-off point is EER, that is, threshold. To the result of applying this method
into training data, a threshold is estimated at 0.802 of a value of shape similarity. By applying the estimated
threshold into test data, F-measure that is a evaluation index of matching method is highly value, 0.940.
Therefore we confirmed that an accurate threshold is calculated by EER without person intervention and this is
appropriate to matching different spatial data sets.
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Figure 1. Process for matching of different spatial datasets
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Figure 2. Calculation of a threshold in Precision-Recall graph
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Figure 3. Histogram of a shape similarity in training data
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Figure 4. Precision-Recall graph to calculate a threshold in training data

Table 1. Evaluation of a proposed matching method
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matching pairs matching pairs . .
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Figure S. Actual matching pairs
among predicted matching pairs in test data
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