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Pattern Classification Algorithm for Wrist Movements based on EMG

=] = O = = e}
HgA= AFd, AT, 34, o) dw

H. D. Cui, Y. H. Kim, H. M. Shim, K. S. Yoon, S. M. Lee

8 oF

B oAgoE &8 22499 F4& 98 2dE 25 7w 52 B dugss Adit Sd R
E4HE FE387] et AL =HAADASDV)H AFFHFAFZRMS)S A8, 54 |1 24 %
NFZ ol gate] F& vl 3079 EHH(RMS, DASDV)S F&3th 2H%E A5E 543 sldow 1}
o] AEAI717] Yate] B gs Ve ®E JAGS 7 FEE Urd, dEHEF Pl kA-NNe=Z gy
S FFA F JEE UFA F2 e AMEe 7|Ee] Aot vaste] ARbg dauElFe A A
S AEAn Ad duEFE 9259%9 AAES HYow, ofd A AFET} 084% EQE A
T AMAE By

ABSTRACT

In this paper, we propose the pattern classification algorithm of recognizing wrist movements based
on electromyogram(EMG) to raise the recognition rate. We consider 30 characteristics of EMG signals
wirh the root mean square(RMS) and the difference absolute standard deviation value(DASDV) for the
extraction of precise features from EMG signals. To get the groups of each wrist movement, we
estimated 2-dimension features. On this basis, we divide each group into two parts with mean to
compare and promote the recognition rate of pattern classification effectively. For the motion
classification based on EMG, the k-nearest neighbor(k—-NN) is used. In this paper, the recognition rate
1s 92.59% and 0.84% higher than the study before.
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