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Abstract Today a lot of functional areas of a firm are operated on the Web. Online
shopping malls analyze web log recording customers’ activities on the web to connect them to
business outcomes. Not only commercial websites, but online news sites also need to collect
and analyze web logs to understand their news readers’ interest. However, little research has
been performed yet. In this research we mined the web access log of an online news website
and conduct Market Basket Analysis to uncover the association rules among the categories of
news articles. The research is composed of two stages: 1) Identifying the individual session of
a visitor; 2) Mining association rule from news articles read by each session. We gather
7-day access logs two times. The results of log mining and meanings of association rules are
suggested with managerial implications in conclusion section.
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<Table 1> Data gathering information

Category content
1™ gathering: 2010.06.1872010.06.24
Time (Worldcup football game period)
period | 2 gathering: 2012.12.0172012.12.07
(Right before Presidential Election)
News 1™ gathering: Korean, English
Language | 2™ gathering: 7 Languages
Log type Access Log
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r Stage 1: Identifying Session ID & Category of News Article —

Importing Data » Uploading Plain text log to DB

7

Cleaning Data

+ Eliminating all logs except Access
log and deleting log of trivial visit
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+ Adding new Data field for

Adding new Data Field :
web log analysis

<

+ building category of a news

Categoring Wb Rage article parsing the address
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+ Calculating the Access time

Computing Access Time using Time stamp

%

« Creating Session ID using

Chealing Bession 1D Access time and visitor's IP

[ Stage 2: Mining Assocation Rule of News Articles

+ Transforming Data for web log

Transforming Data :
analysis
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* Loading Cleaned Data on

Loading Dat: g
cacihg = Mining Tool
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+ Designating Variable role (Ivs,

Assigning Data Role DVs, excluded Var)

%

+ Setting Minimum Confidence,

Determining Parameters Minimum Support level
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+ Interpreting the Mined

Interpreting Results e
P g Association Rules

A

Managerial Decision

» Deciding managerial actions

<Figure 1> Procedure of Analyzing Web log
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<Table 2> Typical format of basket data
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<Table 3> Page view & number of visits per

Language
Language | Page view | # of visitor PageVi\g?gz per
Chinese 2443 672 3.64
Arabic 498 82 6.07
Korean 88438 29854 2.96
Japanese 4017 788 5.10
Spanish 255 59 432
English 3347 1476 2.27
Total/avg 93998 32931 3.01
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<Table 4> Page view, number of visits per News

Categories
News g 28 Page view
Category Page view | # of visitor T
bulletin 19676 7609 2.59
politics 17136 9770 1.75
society 9794 4684 2.09
local 9619 3171 3.03
economy 6930 3407 2.03
international 6679 2679 2.49
sports 3313 1868 1.77
election 3197 1099 291
people 2941 1365 2.15
culture 2283 851 2.68
entertainment 2027 1136 1.78
stock 1883 1012 1.86
news 1328 361 3.68
northkorea 1192 235 5.07
aboutus 1138 966 118
allheadlines 1018 240 4.24
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<Figure 6> Percentage of visiting News Category
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HAZHow WAY APFHE <Table 559 2T},

<Table 5> Results of Analysis

Antecedent |Consequent| Support(%) | Confidence(%)
International & . .
Politics Society 11.8 50.9
Economy & ..
Bulletin Politics 10.3 60.2
People Politics 11.9 525
Entertainment | Politics 11.0 56.8
People Bulletin 11.9 53.7
Local & Society 11.3 573
Politics
Beonomy & | p i 10.8 66.5
Society
Society & ..
Bulletin Politics 13.1 60.2
Sports Politics 16.1 535
Local Politics 20.6 54.7
International Politics 20.1 58.8
Economy Politics 21.2 53.7
Society Politics 34.2 55.0
Bulletin Politics 39.8 53.8
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