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Implementation of Real time based Multi-object
recognition algorithm
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Abstract
This thesis propose a improved matching method for implementing an ORB algorithm based multi-object
recognition. SURF algorithm that is well known in the object recognition algorithms is robust in object
recognition. However, there is a disadvantage for real time operation because, SURF implemention requires a lot
of computation. Therefore we propose a modified ORB algorithm which shows the result of almost 70% speed
improvement by improving matching part to recognize multi object on real time.
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