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Performance evaluation of estimation methods based on analysis of
mean square error bounds for the sparse channel
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ABSTRACT.

In this paper, we evaluate and analyze representative estimation methods for the sparse channel. In order to evaluate error
performance of matching pursuit(MP) and minimum mean square error(MMSE) algorithm, lower bound of MMSE is
determined by Cramer-Rao bound and compared with upper bound of MP. Based on analysis of those bounds, mean square
error of MP which is effective in the estimation of sparse channel can be larger than that of MMSE according to the number
of estimated tap and signal-to-noise ratio. Simulation results show that the performances of both algorithm are reversed on
the sparse channel with Rayleigh fading according to signal-to-noise ratio.
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