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Abstract

For digital TV, the recommendation of u-health personalized service of semantic environment
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should be done after evaluating individual

physical condition, illness and health condition. The

existing recommendation method of u-health personalized service of semantic environment had low

user satisfaction because its recommendation was dependent on ontology for analyzing significance.

We propose the personalized service recommendation method based on Naive Bayesian Classifier

for u-health service of semantic environment in digital TV. In accordance with the proposed

method, the condition data is inferred by using ontology, and the transaction is saved. By applying

naive bayesian classifier that uses preference information, the service

is provided after inferring

based on wuser preference information and transaction formed from ontology. The service inferred

based on naive bayesian classifier shows higher precision and recall ratio of the contents
recommendation rather than the existing method.
» Keywords : Digital TV, U-health Service, Personalized Service Recommend, Naive
Bayesian Filtering
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Table 1. Rule Base
T Tl
*HE! (?In-body ?biosignal) N(?Customer hasWeight 2Weight) N
g (?Customer hasHeight 2Weight)
X | = (?Customer hasBM 7BM)
(?Customer hasDisease ?Hypertention) N
(?MexBP < 120 or MnBP < 80)
oy —> (?Hypertention hasHypertention ?Safety)
o | (MBXBP >= 120 88 < 139) or (MinBP >= 80 &8 <89
=
)
—> (?Hypertention hasHypertention ?PreHypertention)
(?Customer hasBMI 2BMI) N
(?BM hasHealthLevel ?Health Level) N
(?Customer hasAge ?Age) N
paras (?Age hasHealthLevel ?Health Level) N
% | (Customer hasSex ?Sex)N
(?Sex hasHealthLevel ?Health Level)
—> (?Customer hasRecommend_Healthlevel
?Health_Level)
(?Customer hasHealthlevel ?Health Level5) N
(?Customer hasDisease_History ?Hypertension )
=} —>(?ExcerciseRecommand hasExerciseRecommand
25t | ?Exer5 Hypertension)
Xt
2= (?Customer hasHealthlevel ?Health_Level1) N
=M | (2Customer hasDisease_History ?Hypertension )

—>(?ExcerciseRecommand hasExerciseRecommand
?Exer1_Hypertension)
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