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Two-Stage Neural Networks for Sign Language Pattern
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Abstract

In this paper, we present a sign language recognition model which does not use any wearable devices for object
tracking. The system design issues and implementation issues such as data representation, feature extraction and
pattern classification methods are discussed. The proposed data representation method for sign language patterns is
robust for spatio—temporal variances of feature points. We present a feature extraction technique which can improve
the computation speed by reducing the amount of feature data. A neural network model which is capable of in—
cremental learning is described and the behaviors and learning algorithm of the model are introduced. We have de—
fined a measure which reflects the relevance between the feature values and the pattern classes. The measure makes
it possible to select more effective features without any degradation of performance. Through the experiments using
six types of sign language patterns, the proposed model is evaluated empirically.
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Table 3. Recognition rates for three models: FMM,
MLP and WFMM
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