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Dynamic Modeling of Eigenbackground for Object Tracking
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Abstract

In this paper, we propose an efficient dynamic background modelling method by using
eigenbackground to extract moving objects from video stream. Even if a background model has
been created, the model has to be updated to adapt to change due to several reasons such as
weather or lighting. In this paper, we update a background model based on R-SVD method. At this
time we define a change ratio of images and update the model dynamically according this value.
Also eigenbackground need to be modelled by using sufficient training images for accurate models
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but we reorganize input images to reduce the number of images for training models.

simulation, we

show that the proposed method improves the

Through

performance against traditional

eigenbackground method without background updating and a previous method.
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