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Improving Matching Performance of SURF Using Color and
Relative Position
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SUREF is a robust local invariant feature descriptor and has been used in many applications such as object
recognition. Even though this algorithm has similar matching accuracy compared to the SIFT, which is another
popular feature extraction algorithm, it has advantage in matching time. However, these descriptors do not
consider relative location information of extracted interesting points to guarantee rotation invariance. Also, since
they use gray image of original color image, they do not use the color information of images, either. In this
paper, we propose a method for improving matching performance of SURF descriptor using the color and
relative location information of interest points. The location information is built from the angles between the
line connecting the centers of interest points and the orientation line constructed for the center of each interest
points. For the color information, color histogram is constructed for the region of each interest point. We show
the performance of our scheme through experiments.

Key words : SURF, image matching, color feature, location feature
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