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The Study on Marker-less Tracking for the Car Mechanics
e-Training AR(Augmented Reality) System
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e-Training focusing on the experience and practice accelerates actual-active learning and enforces the learning
effects against the existing theory based education. The most typical hans-on training system is augmented
reality. Especially, in the training field installed augmented reality system, the automobile maintenance trainee
experiences effective training with the immediate information, which is indicating the location of parts and
the procedure of repairing. The tracking is the core technology of the augmented reality system. The
performance of augmented reality system depends on the tracking technology. Therefore, this paper suggests
the tracking technology which is proper to the e-Training augmented reality service technology for the car
mechanics.
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Fig. 2. Car Engine Equipment.
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Fig. 3. Object Tracking by SURF Algorism.
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Fig. 4-1. Matching Display of Step 1, image 1.
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Fig. 4-2. Matching Status of Step 1, image 1.
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Fig. 5-1. Matching D|sp|ay of Step 1, image 3.
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18 5-2. Step 1, 34 o|o|x| of& Akj.
Fig. 5-2. Matching Status of Step 1,

Step 4, 14 OIDIXI |JH"' 31,
-1. Matohmg Display of Step 4, image 1.

J2 6-2. Step 4, 1 O|o|X| of & Akef.
Fig. 6-2. Matching Status of Step 4, image 1.
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