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Recently, the surveillance system is highly being attention. Various Technologies as detecting object

this paper shows detecting on this kind of object and local context based facial feather detection algorithm is
feather point is being described. The entire system to search for object area from image, context-based face

from image than determining and recognizing if the object are person are universally being used. Therefore, In
being advocated. Detect using Gabor Bunch in the same time Bayesian detection method for revision to find

detection, feature extraction methods applied to improve the performance of the system.
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Fig. 6. Feature region and non-feature region
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