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(A 3D Face Reconstruction Method Robust to Errors of Automatic
Facial Feature Point Extraction )
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Abstract

A widely used single image-based 3D face reconstruction method, 3D morphable shape model, reconstructs an accurate
3D facial shape when 2D facial feature points are correctly extracted from an input face image. However, in the case that
a user’s cooperation is not available such as a real-time 3D face reconstruction system, this method can be vulnerable to
the errors of automatic facial feature point extraction. In order to solve this problem, we automatically classify extracted
facial feature points into two groups, erroneous and correct ones, and then reconstruct a 3D facial shape by using only the
correctly extracted facial feature points. The experimental results showed that the 3D reconstruction performance of the
proposed method was remarkably improved compared to that of the previous method which does not consider the errors of

automatic facial feature point extraction.

Keywords : 3D face reconstruction, 3D morphable shape model, facial feature point extraction errors
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Fig. 10. Qualitative result comparison between the previous method and the proposed method.
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