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Social Networks Analysis using External Community Relationship

Hyunjin Lee*, Taechang Jee**

Abstract

A clustering process for nodes in a network is required to find communities from social
networks. General clustering algorithm needs to be configured the number of communities in
advance. The number of communities is a very important element because the result of clustering
can be different, depending on it. In this paper, we define the external community relationship
which is distinguished between communities. Using the external community relationship as an

evaluation metric of clustering result, we propose a method to determine the number of
communities dynamically. We compare the proposed method to existing methods based on the

accuracy of the number of communities and the average purity of communities. Our results show

favorable performance for these criteria compared to the existing methods that were evaluated.
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