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Lane Detection using Embedded Multi—core Platform
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Abstract
In this paper, we propose a parallelization technique in lane detection by using Hough transform. Hough
transform has a weakness that it has a lot computation quantity, because it has to compute p value in all
candidate © to be detected in an image. We propose an architecture of parallel processing for this transform in a
multi—core environment. The parallel processing has application to Hough transform as well as noise reduction
and edge detection. This proposed architecture has 5.17 times improvement in performance compare to the
existing algorithm.
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Figure 1. A flowchart of Lane detection algorithm
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Figure 4. Proposed algorithm architecture
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Table 1. Hough transform p—© for each EMC
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Table 2. Stage 1, 2, 3 and All system’s performance
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