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Gate Management System by Face Recognition using
Smart Phone
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Abstract

In this paper, we design and implement of gate management system by face recognition using
smart phone. We investigate various algorithms for face recognition on smart phones. First step in
any face recognition system is face detection. We investigated algorithms like color segmentation,
template matching etc. for face detection, and Eigen & Fisher face for face recognition. The
algorithms have been first profiled in MATLAB and then implemented on the Android phone. While
implementing the algorithms, we made a tradeoff between accuracy and computational complexity
of the algorithm mainly because we are implementing the face recognition system on a smart phone
with limited hardware capabilities.
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