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ABSTRACT

This paper proposes a new QRD-LS adaptive algorithm with computational complexity of O(N). The main
idea of proposed algorithm(D-QR-RLS) is based on the fact that the computation for the unit vector of is
made from the process during Givens Rotation. The performance of the algorithm is evaluated through
computer simulation of FIR system identification problem. As verified by simulation results, this algorithm
exhibits a good performance. And, we can see the proposed algorithm converges to optimal coefficient vector

theoretically.

Key Words : Adaptive filtering; Givens Rotation; QR decomposition.
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