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Abstract

A stereo vision, which is based on two or more images taken from different view points, is able to build three

dimensional maps of its environment having various applications including robots and home networks. SAD algorithm,
which is based on area-based correlation, is widely used since its regular structure provide abundant parallelism. In this
paper, we present heuristic designs of SAD algorithm to meet the demands on accuracy and resource usages in various
applications. The disparity abridgement and the window abridgement algorithms can be used for vision systems in low
cost and small size. The window shape algorithm can be applicable when object are in specific shapes. The adaptive

window algorithm work well when accuracy is the primary concem.
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An Area-based Image correlation method.
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