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Localization of Mobile Robot Using SURF and Particle Filter

*

08

ok

« =
T

Ao
2
>

Hyun Su Mun and Young Hoon Joo

TSt MO ZRAIAE S

2 o
¥ =iol At SURFSH Particle filter o §8 o] $259] 913 F4 Wy Akt Alote P thgst 2ok WA,
o] 2Rl 91X 7] 98] SURF $1e32 ol §3te] setaye 458 94 At F WA, 58 g0
23 olEuye JuHe 9 9] s o|BRRo X He] i 23 ANE ol g3l Ful B Aee
Z4d aela 48 AN GES /Mo stol ofF 2R ANE FAsted UM LR Zelua 97 F4o
Wol AHgHE Particle filer® ol§3to] ol% 2% AAE FAU rh%oR, B =R AXT YW AES F
A eE AsHe FHB

FIHE : ol 5 =E e 9% 22 SURF €185, Particle filter, £2], ZS3 AlA

Abstract

In this paper, we propose the localization method of mobile robot using SURF(Speeded-Up Robust Features) and
Particle filter. The proposed method is as follows: First, we seek the Landmark from the obtained image using SURF
in order to find the first rigorous position of mobile robot. Second, we obtain the distance from obstacles using
ultrasonic sensors in order to create the relative position of mobile robot. And then, we estimate the localization of
mobile robot using Particle filter about movement of mobile robot. Finally, we show the feasibility of the proposed
method through some experiments.
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