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Abstract This paper proposes a Korean document categorization algorithm using Back
Propagation Neural Network(BPNN) with Singular Value Decomposition(SVD). BPNN
makes a network through its learning process and classifies documents using the network.
The main difficulty in the application of BPNN to document categorization is high
dimensionality of the feature space of the input documents. SVD projects the original high
dimensional vector into low dimensional vector, makes the important associative relationship
between terms and constructs the semantic vector space. The categorization algorithm is
tested and compared on HKIB-20000/HKIB-40075 Korean Text Categorization Test
Collections. Experimental results show that BPNN algorithm with SVD achieves high
effectiveness for Korean document categorization.
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2.4 SVM(Support Vector Machine)E 0|2

a4
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4.2 Singular Value Decomposition(SVD)
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