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Genre-based Collaborative Filtering Movie Recommendation
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Abstract  There have been proposed several movie recommendation algorithms based on Collaborative
Filtering(CF). CF decides neighbors whose ratings are the most similar to each other and it predicts how well
users will like new movies, based on ratings from neighbors. This paper proposes a new method to improve the
result predicted by CF based on genres of the movies seen by users. The proposed method can be combined to
the most of all existing CF algorithms. In this paper, a performance evaluation has been conducted between an
existing simple CF algorithm and CF-Genre that is the proposed genre-based method added to the CF algorithm.
The result shows that CF-Genre improves 3.3% in prediction performance over existing CF algorithms.

Key Words : Movie recommendation, Movie genre, Collaborative filtering
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1. Collaborative Filtering(CF)
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Fig. 1. Execution Example of CF Algorithm
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Table 8. Rating Count Vector of Each Genre of U
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1 0 2 0 2 1 0 0 0
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Table 9. Rating Average Vector of U
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MAE(Mean Absolute Error)
1/nY i1 | fi-y;|, where fis prediction
and vy, is true value.
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a9 29 A¥ A= CF-A7F BE9] CF A% #3}
E5 ARES S-S Holal vt o] A= CF-A7L 7]
£9] CF 1859 4ol fAket A o2 CF-Genreo}
HIILE 98] Fe o 7o) B8 HolEt

—CF-A

i P .

e NWhy A A )

- WY SWV WA A A
N ALY
06 ' v V ‘

0.55

Iy
>
| —
=
—

a% 2. CF-A9 A5 7 23
Fig. 2. Result of Performance Evaluation of CF—A
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Fig. 3. Performance Comparison of
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2}l A dae]s Ad Alzke] vdA Aol A Aol
A Ago| Brlseit) B =EdAE CF-Genre €1l
=9 A A7 dsS SAHATE SA0l AL %z

HE 1GBe W= E 7Hd HElYd PCEA W
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Table 11. Execution Time of CF—Genre Algorithm
o |ege g | AmEE
A3l A\ 7Hms) Axket= AlZHims)
- A1ZHms)
1 370 316 637
2 377 323 700
3 375 326 701
4 374 320 694
5 375 318 694
6 373 319 692
7 366 316 633
8 332 325 708
9 379 333 712
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