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Parity Discrimination by Perceptron Neural Network
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ABSTRACT

This paper proposes a parity discrimination algorithm which discriminates N bit parity using a perceptron neural network and back
propagation algorithm. This algorithm decides minimum hidden unit numbers when discriminates N bit parity. Therefore, this paper
implements parity discrimination experiments for N bit by changing hidden unit numbers of the proposed perceptron neural network.
Experiments confirm that the proposed algorithm is possible to discriminates N bit parity.
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Table 2. Comparison of the conventional method and
proposed method for 3-2-1 network.
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