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ABSTRACT

This paper applies Bayesion Markov inferred localization techniques for determining ZigBee mobile device’s position.  To
evaluate ifs accuracy, we compare it with conventional tfechnique, map-based localization.  While the map-based localization
technique referring to database of predefined locations and their RSSI data, the Bayesian Markov inferred localization is
influenced by changes of fime, direction and distance. All determinations are drawn from the estimation of Received Signal
Strength (RSS) using ZigBee modules. Our results show the relationship between RSSI and distance in indoor ZigBee environment
and higher localization accuracy of Bayesian Markov localization technique. We conclude that map-based localization is not
suifable for flexible changes in indoors because of its predefined condition setup and lower accuracy comparing to
distance-based Markov Chain inference localization system.
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