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Abstract 1In this paper, we propose a new paradigm of weighting methods for naive Bayesian
learning. We propose more fine-grained weighting methods, called value weighting method, in the
context of naive Bayesian learning. While the current weighting methods assign a weight to an
attribute, we assign a weight to an attribute value. We develop new methods, using Kullback-Leibler
function, for both value weighting and feature weighting in the context of naive Bayesian. The
performance of the proposed methods has been compared with the attribute weighting method and
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general naive bayesian, The proposed method shows better performance in most of the cases.
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