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Abstract

Face recognition of face images is an active subject in the area of computer pattern recognition, which has a wide
range of potential. Automatic extraction of face image of the feature points is an important step during automatic face
recognition. Whether correctly extract the facial feature has a direct influence to the face recognition. In this paper, a new
method of facial feafure extraction based on Discrete Wavelet Transform is proposed. Firstly, get the face image by using
PC Camera. Secondly, decompose the face image using discrete wavelet transform. Finally, we use the horizontal direction,
vertical direction projection method to extract the features of human face. According to the results of the features of
human face, we can achieve face recognition. The result show that this method could extract feature points of human face
quickly and accurately. This system not only can detect the face feature points with great accuracy, but also more robust
than the tradition method to locate facial feature image.
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