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Abstract Web access seguence mining can discover the frequently accessed web pages pursued
by users. Utility-based web access sequence mining handles non-binary occurrences of web pages
and extracts more useful knowledge from web logs. However, the existing utility-based web access
sequence mining approach considers web access sequences from the very beginning of web logs and
therefore it is not suitable for mining data streams where the volume of data is huge and unbounded.
At the same time, it cannot find the recent change of knowledge in data streams adaptively. The
existing approach has many other limitations such as considering only forward references of web
access sequences, suffers in the level-wise candidate generation—and-test methodology, needs several
database scans, etc. In this paper, we propose a new approach for high utility web access sequence
mining over data streams with a sliding window method. Our approach can not only handle large-scale
data but also efficiently discover the recently generated information from data streams. Moreover, it
can solve the other limitations of the existing algorithm over data streams. Extensive performance
analyses show that our approach is very efficient and outperforms the existing algorithm.
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