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Feature Weighting for Opinion Classification of Comments on News Articles
Kong-Joo Lee! - Jae-Hoon Kim' - Hyung-Won Seo’ - Keel-Soo Rhyu2
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Abstract: In this paper, we present a system that classifies comments on a news article
into a user opinion called a polarity (positive or negative). The system is a kind of
document classification system for comments and is based on machine learning
techniques like support vector machine. Unlike normal documents, comments have their
body that can influence classifying their opinions as polarities. In this paper, we
propose a feature weighting scheme using such characteristics of comments and several
resources for opinion classification. Through our experiments, the weighting scheme
have turned out to be useful for opinion classification in comments on Korean news
articles. Also Korean character n-grams (bigram or trigram) have been revealed to be
helpful for opinion classification in comments including lots of Internet words or typos.
In the future, we will apply this scheme to opinion analysis of comments of product
reviews as well as news articles.

Key words: Opinion classification, News comments, Sentiment lexicon, Feature
weighting
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