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ABSTRACT

Now named—entity recognition(NER) as a part of information extraction has been used
in the fields of information retrieval as well as question—answering systems., Unlike
words, named—entities(NEs) are generated and changed steadily in documents on the Web,
newspapers, and so on, The NE generation causes an unknown word problem and makes
many application systems with NER difficult, In order to alleviate this problem, this
paper proposes a new feature generation method for machine learning—based NER, In
general features in machine learning—based NER are related with words, but entities in
named—entity dictionaries are related to phrases, So the entities are not able to be
directly used as features of the NER systems, This paper proposes an encoding scheme as
a feature generation method which converts phrase entities into features of word units,
Futhermore, due to this scheme, entities with semantic information in WordNet can be
converted into features of the NER systems, Through our experiments we have shown
that the performance is increased by about 6% of F1 score and the errors is reduced by
about 38%.
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