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Abstract Recently, photo sharing and publishing
based Social Network Sites(SNSs) are increasingly
attracting the attention of academic and industry re-
searches. Millions of users have integrated these sites
into their daily practices to communicate with online
people. In this paper, we propose an efficient face anno—
tation and retrieval system under SNS. Since the system
needs to deal with a huge database which consists of an
increasing users and images, both effectiveness and
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efficiency are required. In order to deal with this problem,
we propose a face annotation classifier which adopts an
online learning and social decomposition approach. The
proposed method is shown to have comparable accuracy
and better efficiency than that of the widely used Support
Vector Machine. Consequently, the proposed framework
can reduce the user’s tedious efforts to annotate face
images and provides a fast response to millions of users.
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